
Multilingual Classification 
for Legal Documents

Text classification is one of the fundamental tasks in NLP with broad  
applications. Within the legal domain, text classification has been applied 
to predict the outcome of case law. The outcome prediction of the 
European Court of Human Rights is the focus of many researchers who 
have been building models for automatically predicting its judicial 
decisions. However, as well as many other European institutions, the 
ECtHR works in a multilingual way as it adopts both English and French as 
its working language, and its documents are available in either languages 
or both. Since these earlier classification models were built for English data 
only, which fail to cover many legal cases, a multilingual classification 
model is proposed in this study to work on multiple different languages.

Research 
Questions 
The following research questions 
are answered: 
• Can we improve the 

classification performance by 
implementing a cross-lingual 
model that works for both 
English and French? 

• Can we improve the 
classification performance by 
using additional information 
from the French counterparts of 
existing English documents? 

The data used in this paper is 
published case law on the HUDOC 
website* by the ECtHR. While 
there are more than 33 languages 
available on the website,only 
English and French documents are 
directly produced by the court and 
nottranslated by third-part, which 
is also what we use in this study. 

*http://hudoc.echr.coe.int/

Methodologies & Results* 
In order to make the predicting model 
work on multilingual data, we need to  
model the features of textual data in  
different languages with computational  
methods. Mikolov already discussed the 
 similarity of vector spaces of different  
languages in his seminal paper (2013),  
which set the cornerstone for research  
on Multilingual Word Embeddings  
(MWEs). In our first experiment, we align 
embeddings trained in English and French, 
align them linearly following Miklov’s 
method, then use an SVM classifier to  
test on their accuracy scores. 

* Results obtained until 22/06/2020.
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